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Abstract. In this paper, we shall use the methods of wavelet analysis to study the fundamental stochastic
process, Brownian Motion. We shall obtain some properties under wavelet alternation. These results are
important and will motivate further investigation of general stochastic system.
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1 Introduction

Wavelet transform is a basic tool for decomposing functions in various mathematical and engineering
applications. It can be particularly viewed as a synthesis of ideas that have emerged since the 60-s in fields
as diverse as mathematics, physics and electrical engineering. With the rapid development of computerized
scientific instruments come a wide variety of interesting problems for data analysis and signal processing.
In fields ranging from Extragalactic Astronomy to Molecular Spectroscopy, Medical Imaging and Computer
Vision, one must recover a signal, curve, image, spectrum or density from incomplete, indirect and noisy data.
Wavelets have contributed to this which has been the field intensely developed and rapidly advanced.

Wavelet analysis consists of a versatile collection of tools for the analysis and manipulation of signals
such as sound and images as well as more general digital data sets such as speech, electrocardiograms and
images. Wavelet analysis is a remarkable tool for the analyzing function of one or several variables that
appear in mathematics or in signal and image processing. With hindsight the wavelet transform can be viewed
as diverse as mathematics, physics and electrical engineering.

There are two important aspects to wavelets, which shall be called “mathematically” and “algorithmi-
cally”. Numerical algorithms using the wavelet bases are similar to other transform methods in which vectors
and operators are expanded into a basis and the computations take place in the new system of coordinates.

Recently, some researchers have studied wavelet problems for some stochastic systems. A number of
papers have addressed the topic of wavelet decomposition of random processes!! 2!, Houdre and Hamid krim
have derived other fundamental results on the wavelet transform of stochastic processes with stationary incre-
ments of an arbitrary order and nonstationary process!>>!. Xia Xuewen has obtained also some results about
wavelet properties of stochastic system!® 8, Zhang and Walter studied the wavelet expansion for wide-sense
stationary processes!®!, Flandrin studied the problem of fractional brown motion[*!, Haobo studied wavelet
estimation for jumps in regressian model(*.

In this paper, wavelet transform approach was adopted and derived some results of a sorts of stochastic
system-‘“‘Brownian Motion”. We obtain correlative degree of wavelet transform of Brownian Motion and Zero
Density Degree and wavelet expansion.
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2 Wavelet

Definition 1. Let ¢ € L' (| L?, and (ZS(O) =0, then

bap(t) = |a’_%¢(%)7b€R,aeR_{0}

be called Analysis wavelet.
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)

Definition 2. Let f € L?(R, dt), the wavelet transform of function f is

W) = < [ rwl

x—t

S

dt 6)

Definition 3. Ler H be the Hilbert space that consists of processes with 2-order moments, and for Vx(t) €

H,the wavelet transform of x(t) is

1
WX(s,2) = [ X0l
S JR
Where ¢(t) is Mother wavelet.

Then, we have

R(t) = E[WX(s,2)WX (s, +7)]

where E[WX (s,z)] = 1 [, E[X(t)]¢(£L)dt.

3 Problem of brownian bradge

S

7 [ [ B @x @]t

T —t

)dt 3)

)dudv  (4)

S S

Let B(t),(t > 0) be a standard Brown motion, and B(0) = 0, Boo(t) = B(t) — tB(1), we call

Boo(t), (0 < t < 1) be Brown Bridge.
We know E [Bo(t)] = 0, E[BZ,(t)]

Ccov [BOO(S), B(]o(t)]

Let s < ¢, then

E[Boo(s)Boo(t)] = cov[Boo(s), Boo(t)] = s(1 —t)

Then, we have

E[B(t) — tB(1)]> = t(1 — t) and

&)

2 [ ] Ex@xole(*S"

>¢(x+;_v>dudv

812//RQE[BOO(u)Boo(v)M(x;u>¢>(x+2_U)dudv

(6)

52

Because Haar wavelet

5[ [ u— et et

S

)dudv
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1, 0<wz<3
plz) =4 -1, $<z<1 (7
0, otherwise

Then we have

1, x—fracs2<u<zx

¢(fracx —us) =< -1, r—s<z<z—3 8)
0, otherwise
T — I, r+7-5<u<az+rT
(b(): —1, rH+T17-s<zx<z—5+T 9)
5 0, otherwise

1 T+T—3 z—3 x+77—
R(r) = 2[/ dv/ u(l —v) u—l—/ / —u(l —v)du
s r+7—58 r—Ss T+7—8
T+T x—%
+/ dv/ l—vdu—i—/ / (l—v)du}
THT—3 ] TH+T—3

1 THT—5 x+T—— T

= 2[/ (l—v)dv/ udu+/ v—ldv/ udu
s T+7—5 +7—s T—3

El

T+T T—3 T
+/ (v— 1)dv/ * udu + / (1- v)dv/ udu]
TH+T—% T—s T+T—3 r—3

- 512{ [; - Z(2x+ 2 — Zs)] [Z(Zw - 28)}
+ :4(233 + 27 — ;s) - 5(293 +2r — 23)} E(zx - ;)]
tf3eorar- 3o -3 [S@e- 20 (10)
+ :2 - Z(zx +or - 2)] Bs(m - Z)] }
1 1 1

3 1 1 3 1 ENER! T
Z _Z Z Z _Z Z_Z(9 27— )| |2 _ =z
+[4(2x+27 25) 2} [4(295 28):|+|:2 4(:U+T 2)}[25(1‘ 4)}
1 =z 7 3s x> 3s r T 3s..T S
= Gyt )ty e T RIG )
r T s 1l ,x 3s 1 =z 7 3s,x s
TR US I D R R R
21 T 4 1 s
= —(/—+sr— 558 —Tr— — + TS

Then R'(7) = —x + is, R" () = 0, then zero density of wavelet alternatiive of By (t):

R"(0)
T2 R(0)

-0
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Because

cov[B(s), B(t)|B(1) = 0] = E[B(s)B(t)|B(1) = 0] — E[B(s)|B(1) = 0] E[B(t)|B(1) = 0]
= E{E[B(s)B(t)|B(t), B(1) = 0]|B(1) =0} — 0
= E{B(t)E[B(s)B(t)|B(t)), B(1) = 0]|B(1) = 0} (11)
= e[+ 20 =Yy 150) — 0)

::E{B%ogux1y:0}

S

= 2B[B(1)B(1) = 0]

t
)
Tt 1-0
=s(1—1)

Then, Wavelet alternative of Brownian Motion B(t) have the same result as Brown Bridge B (t).

4 Analysis of brownian motion with drift
Let B(t) be Brownian Motion, we call
y(t) = pt +oB(1) (12)

be the Brownian Motionian with drift . We know dB(t) = W (t)dt, where, W (t) be winner processes, and
we have

E[WH)W(s)] =Qt)d(t — s) (13)
where Q(t) > 0.
We have
FE [y(t)y(s)] = F [ut + aB(t)] [,us + JB(S)]
= u’ts+ ptoE(B(s)) + pto SE(B(s)) + J2E[B(t)B(s)B(s))} (14)
= thsazE[B(t)B(s))]
= u’ts+ t Q(t)d(t — s)dtds
to
= u2ts
Then
R(t) = 1 [/w 2udu /HT u(l —v)vdv — /1’ 2udu /x+7_§ vdv
s T—3 : THT—3 T—3 : T+7—5
T—3 T+T r—3 T+T—3
— ud 1—v)vd ud d] 15
/z_suuu/HT_;u( v)vv+/$_suuu/$+7_svv (15)
2 2 2
= % [(sz — %)(230 + 27 — ;)g — (sx — SZ)(QJU + 27 — ;)g
— (22 — 23)3(236 + 27 — g)g + (22 — 33)2(2:): + 27 — %)g]
201 1 3
= B G-+ 500 -39
2 3 2 2
- ?[g(x - Z) + (22 — ?S)(—s)] - ’%65(496 _2s) = %(295 _ %)
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1

Hence, we know, R(7) has nothing to do with 7 . Because R'(t) = R (t) = 0, then zero density of wavelet
alternative of y(t):

5 Wavelet representation

We know to exist X,,(t) € H, have

E[X(t)—Xm(t)}2—>O, m— o0, tER

and

o0

m—1
X)) =D > brndrn(t) (16)

k=—o0 n=—00
Where,bin, = [ 2(t)Prn(t)da, we have
E[bymmbr;] :/ E[z(t)x(s)] (27t — n)p(2Fs — §)2% 22 dtds
R2

We can compute E membij using equation (5) and (7) and (11) and (14). For example, we use (7), have

0, otherwise

0, otherwise

Then, use equation (5), we have
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E [bmmbr;] = //R2 s(1 —t)p(2™t — n)p(2ks — j)QmTJ‘rkdtds

27" (n+3) 27k (j+1)
/ (1-— t)dt/ sds
2-mn 2-kj
" (nt3) 27k +1)
/ (1-— t)dt/ sds
27k (j+3)

2= (n+1) 27R(j+3)
(1-— t)dt/ sds
2

m TL+ 7ch

2~ m(n+1) 27k (j+1)
/ (1-— t)dt/ sds}
27 27k (j+3)

1
— 2 ]- {|:2—m 1 2—2m—1(n+4):| 2_2k_1(j+

1
7
4
. _2—m—1 . 2—2m—1 1 ] 2—2k—1 . §
(|2 * G+ )
_ -27m71 _ 272m71 § ] 272]€71 . 1
(n+7) G+7)

[ 3] ., 3
P L (O Z> 27215 + 4)}

m-+k

= 2 {[2—m—1 —27# 4 i)](l)

+ |:2m1 _ 272m71(n + i):| 272k711

fry 2 J

2

Use equation (14), we have

E [bmmbr;] = //RQ p2stp(2mt —n)p(2Fs — j)2mT+kdtds

m+k 27" (n+3) 27F(j+3) 27" (nt3) 27k (+1)
= 277 [ / tdt / sds — / tdt / sds
9—mp, 2-kj 2—mn 2_k(j+l)

[2—2k—2(_2—2m—2)1:| — 27(_2—2k—2m—4) -

111

(17)

2

27 (n+1) 27%(j+3) 27 (n+1) 27F(j+1)
—/ tdt/ 5d5+/ tdt/ sds} (18)
2-m(n+31) 2-kj 2-m(n+1) 2-k(j41

1

2 m+k1 —2m—2k Lo 1
= 272 — |2 =
p 4[ (n+ PG+

1

—272m=2k (4 z)(j ++ 272m=2k (p §)(j + 3)]

4 4

1 1

2 1
— “ZQT“ {22’"2’“(71 + Z)(——) — 2722 (4 3 }

2
2

=

2m—2k—2 £2—§(k+m)
4 16
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